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Related Works

A Comparison of Document Clustering Techniques
(KDD 2000 ) Steinbach, M., Karypis, G., & Kumar, V.

® K-means
O better

® agglomerative hierarchical clustering

O performs poorly
m Since, in many cases, the nearest neighbors of a

document are of different classes




Challenges

e Posts on social networking sites are dirty.

e Have a lot of grammar errors, spelling errors, etc.




Dataset Descrption

ID Link Message Created_ Story
time
Data MmBHm  EE . 0EX - BNXRA RO EEMISE | BphRGHEML ¢
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Methods

Data Collection

Data Preprocessing

Clustering

KA Latent Dirichlet Non-negative matrix
allocation( LDA) factorization (NMF)
12




Data Collection
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Data Observations
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Data Preprocessing

1. Remove posts that have no content.
2. Word Segmentation: Jieba + human intelligence
(e.g. 1817, 135)

3. Removing Stopwords: SnowNLP stopword list +

human intelligence (e.g. &, I&15015)
4. Build TF-IDF / TF document vectors.

(using both unigrams and bigrams; 14275 features in total)
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Clustering Methods

1. Hard-Clustering
a. K-means

2. Soft-Clustering

a. Latent Dirichlet Allocation (LDA)

b. Non-negative Matrix Factorization (NMF)

16




Clustering (NMF)

Topic importance
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source: http://www.cnblogs.com/pinard/p/6812011.html -




Clusterin

Topics
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Experimental Results
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Experimental Results (NMF)
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Experimental Results (LDA)
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Experimental Results (K-means)
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Results Visualization (NMF)
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[ssues Faced

e Data Collection
o Facebook # &l & ERIPRH
o HABEREHE
o0 NARDERHEE AREE
o XEIEFZHZENZE
o HREIR
o #falfR=Z1kE
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Other Efforts

e Agglomerative Clustering
o MERALE
o EANBAAGEm—2N
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Conclusions

o BENMEHIANHEBZOITH

o NEIME : NMF > k-means > LDA

o NEEIFRE : LDA (10.15s) > k-means (8.08 s) >
NMF (997 ms)
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Future Works
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Job Description

o SHAISI(34%) - data preprocessing; clustering

o XX FBF(33%) - clustering; visualization
{o] Bl32(33%) - data collection; clustering
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